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Shale gas productivity forecast based on big data

ZHU Yuanchong, XIAN Yuxi, LI Qingyu, LU Detang
Research Center of Petroleum , University of Science and Technology of China, Hefei, Anhui 230026, China

Abstract: The traditional productivity forecast method of shale gas well based on parameter matching has some limitations. This paper
introduced a non-parametric big data analysis method based on support vector machine (SVM). According to the recorded production
data and the change law of bottomhole pressure with the production process, the e-SVR (support vector regression) model was estab-
lished, and it was tested by single-well and multi-well training and forecasting based on actual production data of a block of Changning
shale gas field. The correlation coefficient of single-well regression test reaches 0. 958 556, which reflects the excellent regression per-
formance of this method. The forecasting of the multi-well learning model based on single well data in the first 95 d interval is close to
the effect of the single-well regression model, which reflects the better forecasting performance of the method in the dense data interval.
The proposed method provides a new idea for forecasting shale gas productivity.

Keywords: shale gas; productivity forecast; big data; non-parametric matching; support vector machine (SVM) ; Changning shale
gas field
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